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Abstract: Deep convolutional neural networks can be effectively applied to large-capacity image steganography, but the
research on their robustness is rarely reported. The DGANS (double-GAN-based steganography) applies the deep learn-
ing framework in image steganography, which is optimized to resist small geometric distortions so as to improve the
model’s robustness. DGANS is made up of two consecutive generative adversarial networks that can hide a grayscale
image into another color or grayscale image of the same size and can restore it later. The generated stego-images are
augmented and used to further train and strengthen the reveal network so as to make it adaptive to small geometric distor-
tion of input images. Experimental results suggest that DGANS can not only realize high-capacity image steganography,
but also can resist geometric attacks within certain range, which demonstrates better robustness than similar models.
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